Artificial Intelligence For Financial Market Trading UNIVERSITY of
STIRLING

Julian Storz A

MSc in Big Data

Background & Foundation Trend Prediction Strategy Optimization

Intention: Time-Series Modeling: Algorithm:

Combining different types of investment Trend prediction is conducted to allow Evolutionary algorithms are used to find
and trading styles to gain the highest the creation of optimal trading the optimal strategy to trade in the
potential value from data. strategies for different market given market environment by choosing
Boosting Performance via Specialization environments the weights for different indicators.
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